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Introduction System Framework
e When a sufficient training data is available, DNN- e The main concept of the proposed system is to perform voice conversion (from DAS-processed speech to
based approaches get outstanding performance. clean speech) based on the LLE algorithm. The proposed system includes offline and online stages.
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Experimental Result :
perimential Resulis Conclusion
e Corpus: Mandarin hearing in noise test (MHINT) (300 utterances of single speaker, 250 for training and 50 for testing) e We investigate the use of
e DAS system: the LLE algorithm with the
- Structure: 7 hidden layers with 1200, 300, 300, 514, 300, 300, 1200 hidden nodes paired SE-processed and
- Training data: 250 utterances are mixed with -10~20 dB (5dB interval) car/two-talker noise clean dictionaries for
e Proposed system: postfilfering SE task.
- Five-fold cross validation with 50 utterances from the testing set of MHINT
- Dictionary: 40 utterances with SNR -10, 0, 10 dB car/two-talker noise Experiment results shows
- Testing data: 10 utterances with SNR -10, -6, -2, 0, 2, 6, 10 dB car/ two talk noise that DAS w/ LLE system
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